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Human centricity is increasingly recognised as essential for the effective adoption of intelligent and digitally enabled 

maintenance systems, making trustworthiness a critical requirement for maintenance decision support. These 

systems are intended to support human judgment by providing aggregated information, prioritised 

recommendations, and scenario exploration capabilities. However, existing research often addresses trust either at 

the algorithmic level or at the user perception level. This often overlooks the Human-System Interaction (HSI) 

processes through which trustworthiness is actually established, maintained, and validated. HSI bridges the gap 

between the technical reliability of a system and the human confidence required for its operation. To address this 

gap, this paper proposes a lifecycle-based framework for embedding trustworthiness into maintenance planning 

decision-support systems (DSS) through HSI considerations. The framework conceptualises trustworthiness as a 

socio-technical system property and systematically links trustworthiness attributes, such as transparency, 

traceability, predictability, and accountability, to system lifecycle phases, from requirements definition and design 

to validation and operation. Rather than treating trust as a post-deployment concern, the framework supports 

proactive integration of trustworthiness during system development. The framework is instantiated using a 

maintenance planning DSS to illustrate its applicability at the planning level. The proposed approach contributes 

structured guidance for designing trustworthy, interpretable, and human-centred maintenance planning systems. 
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1. Introduction 
Maintenance is a combination of all the technical, 

administrative, and managerial actions required to 

retain or restore an asset to a state in which it can 

perform its required function (SS-EN 13306, 

2017). Effective and efficient maintenance is 

crucial for ensuring system safety, availability, 

and lifecycle cost efficiency in asset-intensive 

domains, such as railways, aviation, and mining, 

where maintenance strategies directly impact 

reliability and risk profiles of assets (Bokrantz et 

al., 2020). Maintenance strategies, including 

preventive, corrective, and condition-based 

approaches, are realized through maintenance 

activities that define how and when maintenance 

is carried out in practice (ISO 55001, 2024; SS-

EN 13306, 2017). Within this context, 

maintenance planning plays a central role by 

determining future maintenance actions, their 

timing, and the associated resource requirements 

across the asset lifecycle (da Silva et al., 2023). 

In recent years, maintenance planning has 

increasingly been supported by digital decision-

support systems that integrate historical 

maintenance data, asset condition information, 

and operational context to assist planners in 

managing complex systems (Bokrantz et al., 

2020; van Oudenhoven et al., 2023). Rather than 

replacing human expertise, such systems are 

intended to support human decision-making by 

providing aggregated views, prioritized 

recommendations, and exploration capabilities 

that help planners evaluate trade-offs among risk, 

cost, and availability (Bokrantz et al., 2020; da 

Silva et al., 2023). This shift also aligns with 

broader Industry 5.0 and human-centric 

maintenance perspectives, which emphasize the 

role of human judgement, responsibility, and 
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collaboration in technologically advanced 

systems (Breque et al., 2021; Romero & Stahre, 

2021). 

However, as maintenance planning decisions 

remain human-led, the effective use of decision-

support systems (DSS) depends not only on their 

technical capabilities but also on the extent to 

which their outputs are trusted and correctly 

interpreted by human decision-makers (Hinrichs 

et al., 2024; Khanna et al., 2025; Lee & See, 

2004). In practice, planners may over-trust system 

outputs, under-trust them, or misinterpret 

information, particularly when maintenance 

decisions are based on long-term planning 

horizons, aggregated summaries of multiple 

assets, or assumptions that are not explicitly 

communicated to the user. Such trust-related 

issues can lead to unsafe maintenance deferrals, 

inefficient resource allocation, or reduced system 

availability, even when the underlying system is 

technically sound, leading to underutilization of 

otherwise effective systems (Chen et al., 2021; 

Gopalakrishnan et al., 2018).  

Human-system interaction (HSI) plays a critical 

role in bridging this gap, as maintenance planning 

inherently involves interpretation, judgment, and 

accountability, keeping the human in the loop. 

Effective use of maintenance planning decision-

support systems, therefore, requires planners to 

understand not only the outputs of the system, but 

also how and why those outputs are generated 

(Ucar et al., 2024). Trustworthiness is thus not a 

function of technical performance alone, but of 

how system behaviour is made transparent, 

traceable, and predictable in HSI (Firmino de 

Souza et al., 2025; Ueno et al., 2022). Since trust-

related issues often originate from early 

requirements and design decisions but only 

become visible during system operation, a 

lifecycle perspective is required to address 

trustworthiness systematically (Morris et al., 

2020; Ucar et al., 2024; Ueno et al., 2022). This 

highlights that trustworthiness should be 

considered a socio-technical system property, 

shaped by system design and human decision-

making across the system lifecycle. Despite this, 

trustworthiness in maintenance planning DSS is 

often treated implicitly or assessed post-

deployment, rather than being systematically 

embedded during system development. 

The purpose of this paper is to explore how 

trustworthiness can be systematically integrated 

into DSS for maintenance planning, thereby 

supporting reliable and safe maintenance 

decisions. To fulfil this paper makes two 

contributions. First, it proposes a lifecycle-based 

framework that links trustworthiness attributes, 

such as transparency, traceability, and reliability, 

to HSI considerations during system 

development. Second, it demonstrates the 

applicability of the framework through system 

instantiation. 

2. Background  

2.1. Decision-Support Systems (DSS) for 
Maintenance Planning 
DSS have become an integral component of 

maintenance planning in asset-intensive 

industries, where planners must manage large 

volumes of asset information, long planning 

horizons, and competing objectives related to 

safety, availability, and cost (Bokrantz et al., 

2020; da Silva et al., 2023; Torres-Sainz et al., 

2024). Maintenance planning DSS typically 

integrates historical maintenance records, asset 

condition or status data, and operational context 

to support decisions regarding future maintenance 

actions, prioritization, and resource allocation. 

Existing research on decision support in 

maintenance has largely focused on enhancing 

optimization performance, prediction accuracy, 

or computational efficiency (Stipanovic et al., 

2021; Tiddens et al., 2023). Trust is often 

addressed either at the algorithmic level, through 

model validation and performance metrics, or at 

the user level, as a matter of perception or 

acceptance after system deployment (Doshi-

Velez & Kim, 2017; Jacovi et al., 2021).   

 

2.2. Trustworthiness and Human-System 
Interaction (HSI) in Lifecycle-Oriented 
Decision Support 
In standard, trust is defined as the degree to which 

a user or stakeholder has confidence that a system 

will behave as intended, whereas trustworthiness 

refers to the ability of a system to meet 

stakeholders’ expectations in a verifiable manner. 

Trustworthiness is thus conceptualized as a 

system attribute rather than a purely subjective 

user perception and encompasses characteristics 

such as reliability, availability, safety, security, 

resilience, transparency, and accountability, 
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depending on the application context (IEC TR 

24048, 2023). 

Despite the growing recognition of 

trustworthiness as a system attribute, existing 

research has largely addressed human 

involvement in maintenance through human-

centric maintenance, which has emphasized task 

execution, operator assistance, and ergonomic 

support in maintenance and industrial contexts 

(Bokrantz et al., 2020; Naumann et al., 2013; 

Romero & Stahre, 2021). While these approaches 

acknowledge the central role of humans in 

maintenance systems, they have primarily 

addressed operational and task-level activities, 

with limited attention to how trustworthiness can 

be systematically embedded into maintenance 

planning decision-support systems during system 

development, particularly from a lifecycle 

perspective (Smith et al., 2020; van Oudenhoven 

et al., 2023). 

In the context of maintenance planning DSS, 

trustworthiness is particularly critical, as planning 

decisions influence safety, availability, and 

resource allocation over long time horizons (van 

Oudenhoven et al., 2023). From an HSI 

perspective, trustworthiness concerns how such 

system attributes are made visible, 

understandable, and actionable for human 

decision-makers (Doshi-Velez & Kim, 2017; Lee 

& See, 2004). In DSS, particularly those 

supporting planning activities, trustworthiness is 

shaped through interaction mechanisms that allow 

users to assess system behavior, underlying 

assumptions, and limitations (Sapienza et al., 

2022; Ueno et al., 2022). Accordingly, 

trustworthiness cannot be treated solely as an 

outcome of technical performance but must be 

considered in relation to how systems are 

designed to support human understanding, 

judgment, and accountability during use (Firmino 

de Souza et al., 2025; Ueno et al., 2022). 

From a safety and reliability engineering 

perspective, lifecycle-oriented approaches are 

well established, where early integration of 

requirements, verification, and validation is 

recognized as essential for achieving dependable 

system behaviour (Estefan, 2008; IEC 60300-3-

10, 2025; ISO/IEC/IEEE 15288, 2023). However, 

there remains limited structured guidance on how 

trustworthiness can be embedded into 

maintenance planning decision-support systems 

across lifecycle phases, from requirements 

definition and design to validation and operation. 

Addressing this gap requires moving beyond 

post-deployment evaluation towards the 

systematic engineering of trustworthiness 

throughout system development. 

3. Methodological Approach 
This study adopts a design-oriented research 

approach to develop a lifecycle-based framework 

for embedding trustworthiness into maintenance 

planning DSS (Fallman, 2003). The framework is 

developed through a conceptual synthesis of 

standards, prior research, and practical insights 

from maintenance planning DSS from industrial 

practitioners. First, relevant standards and 

guidelines in safety, reliability, and system 

lifecycle engineering are reviewed. These 

standards provide a foundation for lifecycle-

oriented system development and the treatment of 

dependability-related attributes. 

Second, literature on maintenance planning DSS, 

trustworthiness, and HSI is analysed to identify 

recurring trust-related challenges and interaction 

needs at the planning level. This synthesis focuses 

on how trustworthiness-relevant system 

attributes, such as transparency, traceability, and 

reliability, are addressed or not addressed in 

existing approaches. Based on this, a lifecycle-

based framework is developed by mapping 

trustworthiness attributes to HSI considerations 

across key lifecycle phases, including 

requirements definition, system design, 

implementation, validation, and operation. The 

framework explicitly assumes a human-in-the-

loop planning context, where decision authority 

remains with human planners, and that DSS are 

used to support, rather than automate, 

maintenance planning decisions. 

To demonstrate applicability, the framework is 

instantiated using a maintenance planning DSS 

supporting long-term planning for high-value 

assets in railways. The instantiation serves as an 

illustrative application to show how 

trustworthiness considerations can be 

operationalised in practice at the planning level, 

without relying on post-deployment trust 

assessment or automation of decision-making. 
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Figure 1 illustrates the methodological approach 

adopted in this study, showing how standards, 

literature, and practical insights are synthesised to 

develop a lifecycle-based framework. 

4. Lifecycle-Based Trustworthiness 
Framework for Maintenance Planning DSS 

This section presents a lifecycle-based framework 

for embedding trustworthiness into maintenance 

planning DSS through HSI considerations. The 

framework conceptualises trustworthiness as a 

socio-technical system property shaped by system 

design and human decision-making across the 

lifecycle and provides structured guidance for 

integrating trustworthiness during system 

development. It is grounded in lifecycle-oriented 

principles from safety and reliability engineering 

and is organised around two dimensions: system 

lifecycle phases and trustworthiness attributes 

relevant to planning-level decision-making. 

Lifecycle phases are defined in accordance with 

(ISO/IEC/IEEE 15288, 2023) and include 

requirements definition, system design, 

implementation, verification and validation, and 

operation and evolution. Trustworthiness 

attributes are derived from standardised 

definitions and prior research, with a focus on 

attributes that are particularly relevant in 

maintenance planning contexts. Figure 2 

illustrates the overall structure of the framework, 

showing how trustworthiness attributes are 

embedded across lifecycle phases through HSI 

considerations, with the human planner 

remaining the final decision authority. 

4.1. Lifecycle Phases and Trustworthiness 
Integration 
Trustworthiness in maintenance planning DSS is 

not introduced at a single stage. Instead, it is 

gradually shaped across the system lifecycle 

through design and interaction choices that 

influence how planners understand, use, and rely 

on system outputs. Each lifecycle phase 

contributes in a different way to building trust 

between the system and its users. 

Requirements definition establishes the 

foundations for trustworthiness by clarifying the 

intended decision scope of the system. At this 

stage, trustworthiness is supported by clearly 

stating what kinds of maintenance planning 

decisions the system is meant to support and what 

it is not meant to support. This includes defining 

the relevant planning horizons and making 

underlying assumptions visible. For example, a 

system intended for long-term planning should 

clearly indicate that its outputs are not suitable for 

detailed short-term scheduling. When these 

boundaries are clear, planners are less likely to 

Figure 1: Methodological approach for developing 
and instantiating a lifecycle-based trustworthiness 
framework for maintenance planning DSS. 

 

Figure 2: Lifecycle-based trustworthiness framework for maintenance planning decision-support 
systems. 
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misunderstand system outputs or rely on them in 

inappropriate ways.  

During system design and implementation, 

trustworthiness depends on how planning 

information is presented and how users can 

interact with it. Maintenance planning often relies 

on aggregated indicators to reduce complexity, 

such as urgency levels, criticality categories, or 

overall resource demand. For these indicators to 

be trusted, planners need to understand what they 

are based on. This requires consistent 

terminology, clear visual structure, and 

interaction options that allow users to trace 

aggregated results back to their underlying 

factors. When system behaviour is consistent, and 

changes in inputs lead to understandable changes 

in outputs, planners can easily make sense of the 

results. 

During verification and validation, 

trustworthiness can be examined by looking at 

how the system behaves in typical planning 

situations. Rather than focusing only on whether 

calculations are technically correct, this phase 

considers whether the system’s outputs make 

sense from a planning perspective. Scenario-

based walkthroughs, where assumptions or 

planning conditions are varied, help assess 

whether the system responds in a predictable and 

understandable way and whether users can 

correctly interpret the consequences for their 

planning decisions. 

Finally, during operation and evolution, 

trustworthiness is strengthened through support 

for accountability and learning over time. In real 

planning situations, users may choose not to 

follow system-supported recommendations due to 

contextual factors that are not captured by the 

system. Recording system outputs, user decisions, 

and outcomes makes it possible to review how 

decisions were made and to identify recurring 

patterns. Over time, this feedback supports 

calibrated trust, where users understand both the 

value and the limitations of the decision-support 

system and know when to rely on it and when to 

apply their own judgement. 

4.2. Trustworthiness Attributes and HSI 
Considerations 
Within the proposed framework, trustworthiness 

is operationalised through a set of attributes that 

directly influence maintenance planning decision-

making. While trustworthiness can include many 

characteristics depending on context, the 

framework focuses on attributes that are 

particularly relevant at the planning level, where 

decisions are advisory, forward-looking, and 

often made under uncertainty. Transparency 

supports understanding of how planning outputs 

are produced. This includes making data sources, 

modelling assumptions, planning horizons, and 

aggregation logic visible to users. When planners 

can see what information underlies a 

recommendation and what assumptions are 

applied, they are better able to judge its relevance 

and limitations. Traceability enables planners to 

relate aggregated planning indicators to their 

underlying elements, such as individual assets, 

maintenance actions, or contributing data. 

Traceability supports sense-making by allowing 

users to move between high-level planning views 

and more detailed information when needed, 

rather than relying solely on summary indicators. 

Predictability refers to the consistency of system 

behaviour. At the planning level, predictability 

means that planners can anticipate how system 

outputs will change when inputs or assumptions 

are modified. Consistent categorisation, stable 

terminology, and repeatable responses to similar 

scenarios support planners in forming accurate 

mental models of system behaviour. 

Accountability ensures that responsibility for 

maintenance planning decisions remains clearly 

with human planners. The role of the system is to 

support, not replace, human judgment. 

Accountability is supported by mechanisms that 

allow decisions, overrides, and justifications to be 

recorded and reviewed, making it possible to 

understand how and why planning decisions were 

made. 

These trustworthiness attributes are embedded 

through HSI considerations that support 

interpretation, exploration, and reflective 

decision-making, rather than through automated 

decision enforcement. The framework, therefore, 

emphasises interaction mechanisms that help 

planners understand and reason about system 

outputs, rather than prescribing actions. Table 1 

summarises how trustworthiness attributes are 

mapped to lifecycle phases and corresponding 

HSI considerations within the framework.  
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Table 1: Mapping trustworthiness attributes to 
lifecycle phases and HSI considerations. 

 
5. Framework Instantiation: Maintenance 
Planning DSS 
The proposed framework is instantiated using an 

illustrative maintenance planning DSS for high-

value railway components. The purpose of this 

instantiation is to provide representative 

examples, rather than to evaluate system 

performance, of how trustworthiness attributes 

can be supported through HSI. The illustrative 

interaction views shown in Figure 3, and an 

example of traceability provided in Table 2 are 

therefore intended to show some illustrations of 

framework concepts. The illustrative system 

combines preventive maintenance records, 

turnaround time data, and component status 

information with configurable planning 

parameters to generate aggregated planning-level 

indicators intended to support, rather than 

prescribe, maintenance planning decisions. 

Figure 3,  illustrates key interaction mechanisms 

aligned with the framework, with markers 1-5 in 

highlighted circles. A user-adjustable planning 

assumption (1) supports transparency by making 

input assumptions explicit. The baseline planning 

output (2) and the corresponding system response 

to changed assumptions (3) support predictability 

and interpretability by revealing how outputs 

change in response to input variations. 

Trustworthiness during operation is further 

illustrated through data freshness indicators (4) 

and data quality status flags (5), which make data 

recency and limitations visible and support 

calibrated trust. Traceability is illustrated through 

filter-based drill-down mechanisms that link 

aggregated planning indicators to subsets of 

component-level data. Table 2 provides an 

illustrative example of how such mechanisms 

support accountability and informed human 

oversight.  

Traceability in the instantiated system is 

supported through filter-based drill-down 

mechanisms that link aggregated planning 

indicators to relevant subsets of individual 

components. Filters such as component type, 

fleet, depot, urgency, and criticality enable 

targeted exploration of planning results by 

relating planning-level assessments to their 

underlying component data. Table 2 illustrates 

how such traceability mechanisms operate under 

different planning scenarios. 

 

 

6. Conclusions and Future Work 

f y p

 

Figure 3: Illustrative views from the maintenance planning DSS used to instantiate the proposed framework. 
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This paper presented a lifecycle-based framework 

for embedding trustworthiness into maintenance 

planning DSS through HSI considerations. The 

framework addresses a key need in maintenance 

planning by ensuring that DSS are not only 

technically capable but also used appropriately 

and reliably by human planners. By treating 

trustworthiness as a property that must be 

engineered throughout the system lifecycle, the 

framework provides structured guidance for 

addressing trust-related risks during system 

development rather than after deployment. The 

framework is particularly relevant for designers, 

developers, and organisations deploying 

maintenance planning DSS in asset-intensive 

domains, where planning decisions have long-

term safety, availability, and cost implications 

and where planners must balance system-

supported insights with professional judgement to 

avoid over-trust or misinterpretation of planning 

outputs. Through illustrative examples, the paper 

showed how trustworthiness attributes can be 

operationalised at the planning level while 

preserving human decision authority and 

supporting appropriate reliance on system 

outputs. 

The framework is conceptual in nature and 

illustrated through representative examples rather 

than empirical validation. Future work will focus 

on empirical evaluation through user studies and 

real planning environments, as well as extensions 

to address uncertainty, additional trustworthiness 

attributes, and broader application domains. 

 

 

 
References 
Bokrantz, J., Skoogh, A., Berlin, C., Wuest, T., & 

Stahre, J. (2020). Smart Maintenance: a 

research agenda for industrial maintenance 

management. International Journal of 
Production Economics, 224, 107547. 

https://doi.org/10.1016/J.IJPE.2019.107547 

Breque, Maija., De Nul, Lars., & Petridis, Athanasios. 

(2021). 

human-centric and resilient European industry. 

Publications Office of the European Union. 

Chen, J., Lim, C. P., Tan, K. H., Govindan, K., & 

Kumar, A. (2021). Artificial intelligence-based 

human-centric decision support framework: an 

application to predictive maintenance in asset 

management under pandemic environments. 

Annals of Operations Research, 350(2), 1. 

https://doi.org/10.1007/s10479-021-04373-w 

da Silva, R. F., Melani, A. H. de A., Michalski, M. A. 

de C., & de Souza, G. F. M. (2023). Reliability 

and Risk Centered Maintenance: A Novel 

Method for Supporting Maintenance 

Management. Applied Sciences 2023, Vol. 13, 
Page 10605, 13(19), 10605. 

https://doi.org/10.3390/APP131910605 

Doshi-Velez, F., & Kim, B. (2017). Towards A 
Rigorous Science of Interpretable Machine 
Learning. https://arxiv.org/pdf/1702.08608 

Estefan, J. A. (2008). Survey of Model-Based Systems 
Engineering (MBSE) Methodologies. 

Fallman, D. (2003). Design-oriented Human-
Computer Interaction. 

Firmino de Souza, D., Sousa, S., Kristjuhan-Ling, K., 

Dunajeva, O., Roosileht, M., Pentel, A., 

(2025). Trust and Trustworthiness from 

Human-Centered Perspective in Human–Robot 

Interaction (HRI)—A Systematic Literature 

Review. Electronics 2025, Vol. 14, Page 1557, 

14(8), 1557. 

https://doi.org/10.3390/electronics14081557 

Gopalakrishnan, M., Skoogh, A., Salonen, A., & Asp, 

M. (2018). Machine criticality assessment for 
productivity improvement Smart maintenance 
decision support. 
https://doi.org/10.1108/IJPPM-03-2018-0091 

Hinrichs, M., Bui, T. B. D., & Schneegass, S. (2024). 

Exploring the Effects of User Input and 

Decision Criteria Control on Trust in a 

Table 2: Traceability is realised by linking planning-level indicators to component-level information through 
filter-based drill-down. f



426 Proc. of the European Safety and Reliability Conference (ESREL 2026)

Decision Support Tool for Spare Parts 

Inventory Management. ACM International 
Conference Proceeding Series, 313–323. 

https://doi.org/10.1145/3701571.3701585 

IEC 60300-3-10. (2025). Dependability management - 
Part 3-10: Application guide - Maintainability 
and maintenance. www.iec.ch 

IEC TR 24048. (2023). Information technology – 
Artificial intelligence – Overview of 
trustworthiness in artificial intelligence. 

ISO 55001. (2024). Asset management-Asset 
management system-Requirements. 

ISO/IEC/IEEE 15288. (2023). Systems and software 
engineering — System life cycle processes. 

https://www.sis.se/produkter/informationstekni

k-kontorsutrustning/programutveckling-och-

systemdokumentation/isoiecieee-152882023/ 

(2021). Formalizing trust in artificial 

intelligence: Prerequisites, causes and goals of 

human trust in AI. FAccT 2021 - Proceedings 
of the 2021 ACM Conference on Fairness, 
Accountability, and Transparency, 21, 624–

635. https://doi.org/10.1145/3442188.3445923 

Khanna, P., Prabhu, S., Karim, R., & Tretten, P. 

(2025, November 17). Enhancing Decision 
Support in Construction through Industrial AI. 
https://arxiv.org/pdf/2511.13910 

Lee, J. D., & See, K. A. (2004). Trust in automation: 

Designing for appropriate reliance. Human 
Factors, 46(1), 50–80. 

https://doi.org/10.1518/hfes.46.1.50_30392 

Morris, A., Siegel, H., & Kelly, J. (2020). Towards a 
Policy-as-a-Service Framework to Enable 
Compliant, Trustworthy AI and HRI Systems in 
the Wild. www.aaai.org 

Naumann, A., Grippenkoven, J., Giesemann, S., Stein, 

J., & Dietsch, S. (2013). Rail human factors-

human-centred design for railway systems. 

IFAC Proceedings Volumes (IFAC-
PapersOnline), 12(PART 1), 330–332. 

https://doi.org/10.3182/20130811-5-US-

2037.00095 

Romero, D., & Stahre, J. (2021). Towards the 

Resilient Operator 5.0: The Future of Work in 

Smart Resilient Manufacturing Systems. 

Procedia CIRP, 104, 1089–1094. 

https://doi.org/10.1016/J.PROCIR.2021.11.183 

Sapienza, A., Cantucci, F., & Falcone, R. (2022). 

Modeling Interaction in Human–Machine 

Systems: A Trust and Trustworthiness 

Approach. Automation 2022, Vol. 3, Pages 242-
257, 3(2), 242–257. 

https://doi.org/10.3390/automation3020012 

Smith, P. J., Geddes, N. D., Beatty, R., Hayes, C. C., 

Larson, A., & Dorneich, M. C. (2020). Human-
Centered Design of Decision Support Systems. 

SS-EN 13306. (2017). SS-EN 13306 - Maintenance – 
Maintenance terminology. www.sis.se 

Stipanovic, I., Bukhsh, Z. A., Reale, C., & Gavin, K. 

(2021). A Multiobjective Decision-Making 

Model for Risk-Based Maintenance Scheduling 

of Railway Earthworks. Applied Sciences 2021, 
Vol. 11, Page 965, 11(3), 965. 

https://doi.org/10.3390/app11030965 

Tiddens, W., Braaksma, J., & Tinga, T. (2023). 

Decision Framework for Predictive 

Maintenance Method Selection. Applied 
Sciences 2023, Vol. 13, Page 2021, 13(3), 

2021. https://doi.org/10.3390/app13032021 

Torres-Sainz, R., Lorente-Leyva, L. L., Arbella-

Feliciano, Y., Trinchet-Varela, C. A., Pérez-

Vallejo, L. M., & Pérez-Rodríguez, R. (2024). 

Data-enabled Bayesian inference for strategic 

maintenance decisions in industrial operations. 

Data in Brief, 57, 111058. 

https://doi.org/10.1016/j.dib.2024.111058 

Artificial Intelligence for Predictive 

Maintenance Applications: Key Components, 

Trustworthiness, and Future Trends. Applied 
Sciences 2024, Vol. 14, Page 898, 14(2), 898. 

https://doi.org/10.3390/app14020898 

Ueno, T., Sawa, Y., Kim, Y., Urakami, J., Oura, H., & 

Seaborn, K. (2022). Trust in Human-AI 
Interaction: Scoping Out Models, Measures, 
and Methods. https://osf.io/3hcr9 

van Oudenhoven, B., Van de Calseyde, P., Basten, R., 

& Demerouti, E. (2023). Predictive 

maintenance for industry 5.0: behavioural 

inquiries from a work system perspective. 

International Journal of Production Research, 

61(22), 7846–7865. 

https://doi.org/10.1080/00207543.2022.215440

3 

  


